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m Configuration Manipulator: Generates CMSSW configuration
files populated with different parameters from the search space.

Figure 6. Shows the best parameters found for each GPU. The best
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m Runner: Executes CMSSW, and measures its performance
using a benchmark script [2].
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In this work, we showed the importance of autotuning in achieving the

best performance for CMSSW. We created an autotuning framework

: : . and presented its effectiveness in finding better configurations than the
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