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aj(1− ξ)bjP (ξ;wj)

dj(ζ) = Ñjζ
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p = (..., Nj, aj, bj,wj..., Ñj, ãj, b̃j, w̃j, ...)
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2. Sample the Bayesian posterior distribution

ρ (p|data) ∝ L(p, data)π(p)

E[O] = 1
N

∑
k

O(pk) V[O] = 1
N

∑
k

[O(pk)− E[O]]2

O = f, d, σ, ...
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Bayesian inference

Maximum likelihood (CJ, CT, MMHT,...)

E[O] = 1
N

∑
k

O(pk) ∼ O(p0)

V[O] = 1
N

∑
k

[O(pk)− E[O]]2

= hessian, lagrange
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Summary
The goal: understand the structure of
hadrons in terms of quarks and gluons
The challenge: we cannot detect quarks
and gluons in isolation
The method: QCD factorization & global
analysis


